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Fig.1 structure of BPNN
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Table 1 Error matrix of BPNN classification

JaRA i B Kk kg ORFUA A

Ji B R v P 148 0 0 1 0 149
b 14 397 8 20 2 441
7KK 3 0 123 0 0 126
Fa B 13 41 3 218 0 275
A 1 0 0 1 7 9
gl 179 438 134 240 9 1000

RMAAKE = 89.30%

Kappa % #${=0.85
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Table 2 Error Matrix of Maximum Likelihood classifier

JER R B kIR KR ORFIAHL B

Jee R T sk 1 FH 100 1 2 0 1 104
Bk 8 463 16 23 4 514
IKAK 0 0 109 0 0 109
FE 13 29 0 207 5 254
ARA 2 0 0 1 16 19
¥l 123 493 127 231 26 1000
RAAKEE=81.50% Kappa % 41=0.76
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Remote Sensing Image Classification Based on BP Neural
Network

Yu Bing
School of Water Resource and Environment, Hohai University, Nanjing, Jiangsu, China (210098)

Abstract
The traditional statistical classifier is suitable in making RS image classification in normal distribution
with its low precition. After analyzing the principle and learning algorithms of BPNN, land use
classification of BPNN is acquired by selecting optimized spectral data.The classification results are
compared with the results obtained by Maximum Likelihood classifier. Experimental results show that
BPNN is superior to the latter in the accuracy of classification.
Keywords: remote sensing,BP neural network,image classification,maximum likelihood classifier
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