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A Comparative Study of Extraction Methods for
Alteration Information Based on ETM *

ZHANG Nan —nan' > ZHOU Ke —fa' > CHEN Xi' LI Hong’

(1. Xinjiang Institute of Ecology and Geography Chinese Academy of Sciences Urumqi 830011 China; 2. Remote Sensing
Center of Xinjiang Uyghur Autonomous Region Urumqt 830011 China; 3. Xinjiang Research Center for Mineral Resources
Chinese Academy of Sciences Urumqi 830011 China)

Abstract: In order to understand grasp and apply the characteristics of altered wall rock and the original rock from
microcosmic and macroscopic angles and look for large deposits or large ore districts the authors summarized the
common extraction models of alteration information combined the principal component analysis ( PCA) with support
vector machines ( SVM) to establish the MASK process — PCA — SVM( MPS) model applied and comparatively
studied these models in Hatu area of Xinjiang and made use of the two methods to verify the extraction results. The
results show that the extracting results of the common models are rather poorly consistent with the known deposits
but the alteration information extracted by MPS model is better concordant with the known mineral deposits and
altered belts with the coincidence rate arriving at 86.51% . The combination of geological experts”knowledge with
geological maps and a known anomaly spot reveals that the result of MPS model is in accord with the geological fact.
Therefore the extracting precision based on MPS model is higher than that of the common models and the effect of
application is fairly good in the study area. The model proposed in this paper provides a new idea for extracting
remote sensing alteration information in the future.
Key words: ETM "; alteration; information extraction, SVM
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