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Abstract: As one of science study tools, fractal dimension is usually an effective way that used to describe the non— smooth and non- regw

lar geometry objects in the nature and non— linear systems. T here are all kinds of methods about calculating it. Its application is greatly

wide, but there are distinctive differen ces betw een these methods. According to these, this paper studies and integrates th ese methods sys-

tematically, including Compass M ethod, Minkowski Method, Varation M ethod, Box counting Method, Perim eter Area Method, Slit sland

M ethod, Fractal Brown model Method. This paper also expatiated the meanings, basic models and the application in each field. At the same

time, algorithms of these m ethods im plemented by the computer are found in the paper.
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