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Fig.1 Spectrum curve diagram of clustering analysis result
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Fig. 2 Map of comprehensive metallogenic prediction with remote sensing
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REMOTE SENSING INFORMATION EXTRACTING BASED ON

SPECTRUM FEATURE AND METALLOGENIC PREDICTION

ZHANG Jian-guo', YANG Zi-an*®, HU Xiang-zhao' ZOU Lin’
(1. Central South University ,Changsha, Hunan 410083 ,China; 2.China University of GeosciencesBeijing 100083 ,China

3. Nonferrous Metals Resource Geological Survey of China,Beijing 100814 ,China)
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Abstract; Based on the test and analysis on spectrum feature of alterative rock and wall rock, alteration

information related to mineralization was directly extracted and enhanced from TM remote sensing image.

Combining with regional geological background and mineralizing condition, ore prediction and target area

outlining in the test region was carried out. A good application effect is obtained.

Key Words :remote sensing, spectrum test, information extraction, metallogenic prediction
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