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Tab.1 NNI interpolation algorithm efficiency analysis
200 * 200 300 * 300 400 * 400 500 * 500
NNI 0. 11 seconds 0. 172 seconds 0.25 seconds 0.37 seconds
Surfer NNI 1.47 seconds 3.16 seconds 5.58 seconds 8.66 seconds
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Fig.7 The comparison of this NNI and Surfer’s NNI interpolation algorithm ( grid of 200 rows* 200 columns)
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tif programming is extremely basic and tedious, while
Qt has the characteristics of highly object-oriented and
modularization which make the developers easier and
programming efficiency higher. Design and develop-
ment of common processing module integration frame-
work is not only suitable for the migration module in-
tegration, but also for others. So the processing mod-
ule interface style, the operation and the workflow
control should be consistent. The main function of the
integrated interface includes job deck editing, job
submission, job deletion, job monitoring and some
auxiliary functions. After we abstract processing mod-
ule parameters highly ,the module additions and modi-
fications become very simple by using the resource file
approach and module registration. We do not need to
compile the control interface repeatedly, so the
system’s transplant and the maintenance are very con-
venient.

Key words: migration system; resource file; job
manage ; integration interface; modul register

NATURAL NEIGHBOUR INTERPOLATION AND
ITS APPLICATION TO 2D GRID OF IRREGU-
LAR DATA
ZHANG Wei, QIN Qing-yan, JIAN Xing-xiang ( Col-
lege of Information and Engineering, Chengdu Uni-
versity of Technology, Chengdu 610059, China).
COMPUTING TECHNIQUES FOR GEOPHYSICAL
AND GEOCHEMICAL EXPLORATION, 2011, 33
(3):291

As the observation data is insufficient, two-di-
mensional interpolation of irregular discrete data is
widely used in geophysics. In this paper, we re-
searched and implemented a two-dimensional interpo-
lation of Natural Neighbour algorithm, which will be
applied to the MT 2D inversion real-time imaging.
Example results show that the method has high accu-
racy, effective, fast and easy simulation of the data
with terrain.
Key words: natural neighbours; 2D interpolation;
data griding

RESEARCH AND IMPLEMENTATION OF GIS-
BASED LONG-PERIOD MAGNETOTELLURIC
VISUALIZATION DATA MANAGEMENT PLA-
TFORM
QIN Qing-yan, ZHANG Wei, WANG Xi-chong( Col-
lege of information Engineering, Chengdu University
of Technology, Chengdu 610059, China). COMPUT-
ING TECHNIQUES FOR GEOPHYSICAL AND GEO-
CHEMICAL EXPLORATION, 2011, 33(3): 296
The paper proposes a method which applies data-
base and GIS technology on the visual management of
LMT data contrary to the shortcomings of traditional
information management methods, which integrates
survey sounding location with different spatial data
sources such as administrative areas information, traf-
fic information, digital elevation and tectonic informa-
tion. The paper introduces the principle and process
of the platform’s implement, and also describes, the

realization of survey points’ plane projection and sur-
vey line’s straight fitting. Application results show
that the platform not only effectively manages data in
simple and graphical ways, but also provides necessa-
ry information for the field production and data’s qual-
itative processing and interpretation.

Key words: long-period MT; GIS; survey line pro-
jection; geological background

GUPTASARMA LINEAR FILTERING ALGO-
RITHM IN CSAMT ONE-DIMENSIONAL FOR-
WARD MODELING
YOU Miao', WANG Xu-ben', ZHOU Mao-lin’ ( 1.
College of Information and Engineering, Chengdu U-
niversity of Technology, Chengdu 610059, China; 2.
Chuanging Drilling Engineeing Company Limited Ge-
ophysical prospecting Company, Chengdu 610213,
China ). COMPUTING TECHNIQUES FOR GEO-
PHYSICAL AND GEOCHEMICAL EXPLORATION,
2011, 33(3) . 300

The basis of One dimension CSAMT forward
problem is the Hankel transformation. Now the main
solution to this problem is numerical filtering method ,
which runs the process of solving the given length of
filter coefficients for additive operations. Therefore,
the selected filter coefficients affect the precision and
speed of the forward calculation. In this paper we use
the Guptasarma linear filter coefficients and imple-
ment the algorithm. It’s verified by the models that it
fits well with the forward models with a relatively short
length of filter coefficients, which makes a good basis
of the next work in inversion or quasi two — dimen-
sional problem.
Key words: CSAMT; one-dimensional forward calcu-
lation; fast hankel transformation; numerical filtering

DETERMINATION OF THE SPACE TREND
FOR DEPTH ORE BODY BY THE ULTRA-
HIGH DENSITY RESISTIVITY
MAO Hong-jiang'* (1. Chengdu University of Tech-
nology, Chengdu Sichuan 610059, China; 2. Team
606 of Metallurgy and Geological Exploration bureau,
Pengzhou Sichuan 611930, China). COMPUTING
TECHNIQUES FOR GEOPHYSICAL AND GEO-
CHEMICAL EXPLORATION, 2011, 33(3) : 304
Ultra-high density resistivity method is a new ge-
ophysical method ,the method is convenient, fast, ef-
fective, large data amount and so on. Because of the
complex geologic structure and the surface topogra-
phy, ore body space trend and connection is difficult
to be determined. By using the well to well ultra-high
density resistivity method, we have obtained the ex-
pectation result. .
Key words: ultra-high density resistivity method ; de-
termination of depth ore body space trend; data exca-
vate; repeat demonstrate; mine connection

EXPERIMENTAL STUDY ON THE IMPACTS
OF ELECTRODE POSITION ON ANOMALY
CURVES FOR CENTRAL GRADIENT ARRAY



