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Application of BP network on reservoir parameter forecast of gas
hydrates in Shenhu marine area of South China Sea
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Abstract: The BP neural network method has been used to forecast gas hydrates reservoir parameters ( porosi—
ty and saturation) based on the previous method by using logging data to forecast reservoir. Taken an measured well
as an example, a network model is built with the well’s logging data. The authors inputted the logging data of other
wells and obtain the results of reservoir parameters, which are more accurate than the empirical formula through
practice tests.
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Fig. 1 Structure of BP neural network
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Fig. 2 Multiple regression analysis
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Fig.4 Forecast of C2 and C3 saturation by C1 model
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